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MILE: Mixture of Incremental LoRA Experts for
Continual Semantic Segmentation across Domains and Modalities
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Specialise Locally. Adapt Continually
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ROUTE: Prototype-based routing selects the

MILE combines expert specialization
with parameter-efficient scalability.

appropriate expert at inference - No task ID required.

Changing Domains and Modalities

MILE: Mixture of Incremental LoORA Experts

Freeze the backbone. Compute a prototype and learn
one low-rank AW expert per new task.
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Large shifts favor specialization: MILE avoids negative :
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